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SCAN: Sparse Recovery Transmitter Detection
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reliable wireless services. This requires sharing
of spectrum resources.
-One way to ensure reliable spectrum sharing is

-Tx1 and TX2: USRP
radios + PC + antenna.

A S e

Temporal dictionary

. . o INPUT B -Sensor: RTL + laptop +
accurate detection of transmitters activity in T
] INPUT PSD TX1 CHARACTERIZATION a nte NNaAa.
frequency and time. « v - .
-Vary sensor gain from

-Our goal in this work is to develop a platform that
would detect all transmitters in a spectrum trace and
characterize each transmitter activity in frequency
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transmitters (left) and two narrow and wide band transmitters
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approach such as OMP Convex relaxation. experiments with similar settings as Figure 1.




	Slide 1

