Establishing the Link Between Sensor Capabilities & Spectrum Analytics Performance
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Veracity

known platforms, regardless of the target sensor.

* For unknown platforms, VIA retains a high and consistent
predictive performance (0.0013 MSE) for the first 4
combinations while the rightmost combination scores just
under 0.004 MSE. As we limit the amount of training
platforms, VIA’s performance declines.

Solution: Develop VIA, a framework that quantifies spectrum
data fidelity based on sensor properties and configuration.
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Effects of VIA on transmitter detection (TD) accuracy. Left: accuracy

deteriorates as veracity decreases. Middle: accuracy deteriorates as
ambiguity increases. Right: accuracy deteriorates as hop delay increases.

Evaluation Setup

Evaluate VIA’s ability to predict application performance.

LR Spectrum scans: * Prediction models (linear regression (LR), neural network * VIA retains high predictive performance (0.0013 MSE) for
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