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using autoencoders interferences in order to obtain clean water Objectives a
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Problem and Hypothesis - Generator Profiles Analysis
The problem addressed in this proposal is how to determine the MethodoIOgy T
performance of denoising autoencoder architectures for Radio Autoencoders are models in deep learning that map input data to an internal
atmospheric radiometric measurements on K-band frequency. representation called the latent space, produce output similar to the input data by applying RFI Parameter o Tacting Data
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RFI [1]. Statistical analyses have been used to detect sporadic RF methodology includes the comparison of four different autoencoder architectures
2], while specialized algorithms in the polarimetric and frequency (Convolutional, Long-Short Term Memory, Sparse and Variational) illustrated in figure 3. Figure 4: Experimental Design for RFI injection
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